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(a) Úbâ˙º+Huber (b) NN+Huber (c) NN+Tukey (d) ÐHÕ

ó: f � (x) = sin(2x1) cos(2x2).
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(a) Úbâ˙º+Huber (b) NN+Huber (c) NN+Tukey (d) ÐHÕ

ó: f � (x) = sin(2x1) cos(2x2).
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�cf�_ 1 (checkered)

(a) Groundtruth (b) Linear+Huber (c) Linear+RANSAC (d) SVR+RBF

(e) NN+Huber (f) NN+Tukey (g) NN+RANSAC (h) ÐHÕ
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�cf�_ 2 (volcano)

(a) Groundtruth (b) Linear+Huber (c) Linear+RANSAC (d) SVR+RBF

(e) NN+Huber (f) NN+Tukey (g) NN+RANSAC (h) ÐHÕ
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�cf�_ 3 (stripe)

(a) Groundtruth (b) Linear+Huber (c) Linear+RANSAC (d) SVR+RBF

(e) NN+Huber (f) NN+Tukey (g) NN+RANSAC (h) ÐHÕ
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�cf�_ 4 (plane)

(a) Groundtruth (b) Linear+Huber (c) Linear+RANSAC (d) SVR+RBF

(e) NN+Huber (f) NN+Tukey (g) NN+RANSAC (h) ÐHÕ
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