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(a.k.a. Spectral Graph Embedding (Yan et al. (2007)[2]))
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5! (if:qs(xi)) [CIERRFEZR o(2) = exp(—72)

AVl
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CDMCA[3](=CIME[4])

Multiset CCA [6]

Multiple

Regression| | [
I Spel_c”al Laplacian
Gra ph Eigenmaps
Embedding[2] -
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Laplacian Eigenmaps (Belkin and Niyogi, (2001)[1])
BEM vy, .Y, €ER?

IBITIERLER | w;; = {

L (ly: —y,llz <e)
0 (Otherwise)

BT DEMMTT ¢ Wi < W4T

(Tz'j — eXP(‘V”yi — y]H%))

A

Y = argmin Lo(Y; W)

Y ' MY=I
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