Outlier-Robust Neural Network Training: Efficient Optimization of
Transformed Trimmed Loss with Variation Regularization
(Submitted.)
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Higher-Order Variation Regularization (HOVR; Okuno, arXiv:2308.02293v1):
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Figure: Goo(f) =~ 0.64 Figure: Coo(f) ~ 197
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Figure: Weight decay (B9 %ICY v ) Figure: HOVR

Akifumi Okuno, “A stochastic optimization approach to train non-linear neural networks
with regularization of higher-order total variation”, arXiv:2308.02293v1.
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